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ABSTRACT

Over the last decade, the number of cars driving on Mauritius's roads has
actually been steadily increasing, rising by 5% annually. The National Transport
Authority received 173,954 vehicle registrations in 2014. As a result, 1 in 6 Mauritian
adults own a vehicle, with many of those vehicles being pre-owned or replaced
vehicles. In this study, we want to find out whether it's possible to utilise artificial
semantic networks to forecast the value of used vehicles. As a result, four separate
maker learning models were given data pertaining to 200 automobiles culled from
diverse sources. Results were somewhat better using support vector equipment
regression compared to semantic networks and straight regression, according to our
findings. However, for more expensive vehicles in particular, several of the predicted
values are far off from the actual pricing. Consequently, more investigations using a
bigger dataset are necessary, as is a great deal of trial and error with other types of
networks and frameworks, to get much improved predictions.

Keywords: ML, DL, SVM, car price, Linear regression.

I INTRODUCTION
Obtained from the National
Transportation Authority (2014), the
number of cars increased by 254% from
2003 (68,524) to 2014 (173, 954), as
shown in Number 1. Given that new cars

and trucks make up such a small

percentage of the overall number of
vehicles sold each year, it is reasonable
to assume that the sale of used imported
(refurbished)

owned previously owned vehicles has

automobiles and pre-
eventually increased. When purchasing a

new automobile in Mauritius, most
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buyers are also interested in finding out
how much their vehicle will be worth
when they're ready to sell it on the used
car market. A number of factors
influence the prediction of used car
Year of

prices. production,

manufacturer, model, gas economy,
horsepower, and nation of origin are the
most  crucial ones.  Additional
considerations include the following:
fuel type and quantity per use, braking
system type, acceleration, interior style,
vehicle condition, number of cylinders
(in cubic centimetres), vehicle size,
number of doors, vehicle weight,
customer reviews, paint colour and type,
gearbox type, sports car status, audio
system, planetary  wheels, power

GPS

navigation, safety and security index,

steering, air  conditioning,
and so on. Whether the vehicle has been
in any serious accidents and the
identities of its former owners are two of
the distinctive factors often considered
in a Mauritius setting. Predicting the rate
of used cars is, therefore, a quite
commendable company. This research
will investigate the feasibility of using
semantic networks for used car rate
prediction. Additional approaches, such

as support vector regression and straight

1
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regression, will also be used to compare
the results.
paper
semantic networks and cost forecasts

In accordance with, this

continues.  Several  service
have been consolidated in this system. In
this system, the procedure and the data
gathering are detailed. The technology
calculates what used car prices are likely
be. A

suggestions for further research round

to conclusion and some
out the report.
Il SURVEY OF RESEARCH

[1] Predicting the value of pre-owned
vehicles has been the subject of several
studies. It is common practice for
researchers to use historical data to
estimate product prices. In order to
forecast the pricing of used automobiles
in Mauritius, Pudaruth used a number of
methods, including decision trees, k-
nearest neighbours, Ignorant Bayes, and
direct regression. The cars in question
were not brand new. When several
methods' predictions were compared, it
became clear that their prices are rather
close to one another. Decision trees and
the Naive Bayes method were both
shown to fail miserably when it came to
predicting numerical values. The small

sample size does not provide excellent
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prediction accuracy, according to
Pudaruth's study.

[2] in A multivariate regression model
that with value

helps numerical

classification and forecasting was
presented by Kuiper, S. (2008). In it, the
author shows how to predict the GM
truck rate in 2005 using this multivariate
regression model. Automobile rate
forecasting does not need specialised
knowledge. So, it is possible to predict
prices using the data that is readily
accessible online. In the same vein as
the article's car rate forecast, the author
offered variable selection techniques to
help identify which variables would
work best in the model.

As a method for predicting the prices of
secondhand vehicles using Random
Forest, Pal et al. [3] found in 2019. With
an accuracy of 83.62% for test data and
95% the

information established was utilised to

for train-data, Kaggle
forecast used-car prices in this research.
After

uninteresting characteristics from the

eliminating  outliers  and
dataset, the most relevant functions used
for this prediction were price, km, brand
name, and truck type. As a novel

implementation, Random Woodland

1
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outperformed earlier work with similar
datasets in terms of accuracy.

[4] The need to create a model to predict
the cost of used cars in Bosnia and
Herzegovina is shown by Gegic, E. et al.
(2019). They used Al methods including
made-up semantic networks, assistance
vector devices, and made-up woods.
Still, all of those methods were used in
tandem. To get the data for the
projection, we used a web scraper that
was made in PHP to collect information
from the autopijaca.ba website. In order
to determine which method was the best
match for the given data, we compared
the individual algorithms' results. The
final prediction model was a Java
programme. The design was further
evaluated using examination data, which
confirmed its accuracy of 87.38%. In
2019, Dholiya et al.

method for reselling cars that relies on

showcased a

equipment learning.

Giving the person a realistic idea of how
much the vehicle may cost is the main
objective of the method developed by
Dholiya, M., et al. The system, which is
an online application, may also provide
the user with a list of options for
different types of cars based on the
details of the vehicle they are attempting
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to discover. By doing so, it helps
provide the buyer or seller with useful
information upon which to make a
decision. The system trains utilising past
data acquired over a long period of time,
and it uses the multiple direct regression
technique to create projections. At first,
the KDD (Knowledge Exploration in
Databases) method was used to gather
the raw data. Afterwards, it cleaned and
preprocessed the data in an effort to find
which it

meaningful patterns,

subsequently used to draw conclusions.

111 PROPOSED SYSTEM

Because, like the prices of other
items, the prices of autos also change
with time, data for this research has been
sourced from a variety of automotive
websites as well as the small ads
sections seen in regular newspapers.
One hundred and twenty records were
gathered. Old vehicles' production year
(YEAR), (MAKE),

capacity (ENGINE) measured in cubic

make engine

centimetres, paint type (typical or
metallic), gearbox type (guidebook or
automatic), mileage (GAS MILEAGE)
and price (RATE) in Mauritian rupees
are all part of the detailed information.
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A large number of tests were conducted
to determine the optimal semantic
network criteria and network topology.
Out of all

frameworks that were tested, we found

the semantic network

that a network with just one hidden layer

and two nodes made the most
insignificant error. However, out of
these four approaches, k-Nearest

Neighbour had the lowest accuracy,
while Support Vector Regression and a
multi layer understanding with back-
propagation made somewhat better
predictions than linear regression. A
cross validation value of ten folds was

used to conduct all trials.

IV WORKING METHODOLOGY

This part contains the research study
methodology. In order to compile the
vehicle dataset for this analysis, olx.com
was used. Every vehicle was filmed
along with its make, version, vendor,
mileage, year of production, fuel type,
and price. Table 1 displays a sample of
the collected data. There will probably
be a lot of used car data in these
databases, so they will need some
engineering and tweaking. Excluding

duplicate data is a good first step since
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they could affect the model's output.
Rate predictions are greatly aided by
power and engine. Additionally,
new_price is a very good cost forecaster.
In predictive statistics and Al, top traits
with a high connection coefficient have
a stronger impact on the prediction
variable. However, this is not always the
case. The correlation coefficient, as its
name implies, is a statistical measure
that describes the relationship between
two or more variables. Always between
1 and -1 (positive to negative), with 0
indicating complete disorganisation, is
the range of values for the variation of
the correlation coefficient between 2

criteria.

Fig.1. Home page.

This task makes use of the
Scikit-learn machine learning package to
build a number of Al formulae. We use
the same training data to train each
and we utilise the

design, same
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screening data to assess it. The findings
are defined and compared in the section
that follows. For predictable variables,
the  regression-based  method in
monitored machine learning is reliable.
When X is the independent variable and
Y is the dependent variable, it is clear
that a single straight regression model
can predict Y. In order to predict Y's
future value, the design will use the Y-
and noise of the

intercept, slope,

regression line.

-

Enter Password

mksmany, dl
m {rte Mobde Numbes

Enter Country Name: Enter State Name

Fig.3. user registration page.
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Fig.5. Upload dataset page.
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Fig.8. Output results.

CONCLUSION

Predicting the rate of used, refurbished,
and second-hand automobile sales in
Mauritius was the primary objective of
this work. The fact that the car market
has been steadily increasing by around
5% over the last decade is evidence of
the significant demand for cars among
Mauritian citizens. There are a plethora
of automotive websites on Mauritius,
but none of them provide a tool to
estimate the value of pre-owned vehicles
according to their specifications. We
employed the cross-validation method
with a ten-fold increase on our dataset of
200 documents. Using four separate
machine

learning methods, we can

predict the price of used cars based on
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their make, year, colour, gearbox type,
engine capacity, and mileage. With each
of the four approaches, we saw a
considerable drop in the ordinary
residual value. Consequently, we draw
the conclusion that predicting the rate of
used vehicles is a highly risky but
potentially lucrative endeavour. Dealers
and owners of automobiles looking to
get an idea of their worth will find this
approach incredibly useful. We want to
use a wider variety of machine learning
formulae for future predictions, as well
data and

as to gather additional

characteristics.
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